[ DOR: 20.1001.1.2251600.1383.23.2.4.2 ]

MLLR Ji45 5 e MAP e bl 3 at g S8 slid3h 5 0y o8 Guoas

T gl dasus Ao 5 Ol 5 A

S gl Sae NUE-H e hige 8US s

CAYNV/E 2 ol a3l s — AY/8/6 dlie 3L ,3)

Led MAP (ot ol Ledigy (550 50 il d 5 (o pmo JUdS ol (sloadiammmns 50 00195 Gl (511 Shlicke Sleeidy) — oS
3590 60b 5 Lo (Sdjg0l 0019 (ol sl ©80 axgi JB dgae sl 9 Wigbo oo (S5l 03U Wbl 392 g0 (LG BLKe (LD3gel 0018 &5 (o ledue
Tl gl o5 GOl (sl wadse Jlosl Lo sradiss (595 » oges SO (golasl & MLLR pulii jS53 (55 50 ol 5L
095 90 2 sllse 5 45 2900 Trhe Gasur gy Ale (f 50 s o0 gLl v 4 (LI QIS T3 L Ll g o0 Juol> rgllae
W0 390) MAP (posd oS ) ol 39290 Wil (odjgol 0010 45 (aledio gy 0l )0 0 0om 05t YL oS &y (g piwd (5122 B9
covgy el o 0 u.».oi; MAP (o (6l cawbn dioiiuy polio MLLR (g jl solasiw! b wa5)las ((SU15) Gw)g.oi ool a5 slydow sl g
438l Cawd MLLR g MAP (533 99 51 Sy 0 49 Comndd (55t gl 49 @10 (18 (5010 lusly 000 (f5590] it S5 (59 32 cJos yo

MLLR 535 MAP (puoks 00y o Guadal ¢ o y8 dwguy 3 LiS (ol 3L (HMM) (ylesy B9 5bo gledoro & (gldS olfjb

Speaker Adaptation in Continuous Speech Recognition Using MLLR-
Based MAP Estimation

S. Sharifian and S. M. Ahadi
Electrical Engineering Department, Amirkabir University, Hafez Avenue, Tehran 15914, Iran

Abstract: A variety of methods are used for speaker adaptation in speech recognition. In some technigues, such as MAP
estimation, only the models with available training data are updated. Hence, large amounts of training data are required in order
to have significant recognition improvements. In some others, such as MLLR, where several general transformations are applied
to model clusters, the results are desirable for small training data, but with increasing training data, the performance
improvement reaches the saturation lvel. In this paper, a new approach is introduced that makes use of the advantages of both
mentioned techniques to improve the recognition rate. Here, the models with available training data are trained using MAP while
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for those with insufficient training data, appropriate prior parameters for MAP estimation are found using MLLR. This
technique has yielded better performance in comparison to either MAP or MLLR, in a system based on FARSDAT speech corpus.

Keywords: Hidden Markov models (HMM), continuous Persian (Farsi) speech recognition, Speaker adaptation, MAP

estimation, MLLR transformation.
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. hidden Markov models
. speaker dependent

. speaker independent

. speaker pooling

. maximum likelihood linear regression
. vector field smoothing
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